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Abstract: This study examines the influence of entrepreneurial behaviors on
startup performance in Dar es Salaam, Tanzania. Grounded in Entrepreneurial
Event Theory (EET), this research employs a cross-sectional survey of 244
startup owners, analyzed through descriptive and regression analysis. The
findings reveal that competitive aggressiveness is the most significant predictor
of startup performance, followed by innovation and proactiveness, while risk-
taking has a modest but significant effect. These results extend EET by
demonstrating that perceived feasibility and desirability drive specific
entrepreneurial behaviors in resource-constrained environments. Practically,
the study highlights the need for startups to adopt data-driven competitive
strategies, proactive innovation approaches, and structured risk-taking models.
Additionally, it provides policymakers with insights to design startup-friendly
policies and funding mechanisms that foster sustainable entrepreneurial
ecosystems. The findings contribute to entrepreneurship theory by
contextualizing the behavioral dynamics of startups in emerging markets,
paving the way for future research on industry-specific entrepreneurial
patterns.
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1. INTRODUCTION

significantly to economic transformation and

Research has demonstrated that startups
play a significant role in the socioeconomic
development of nations. In developed economies like
the United States and the United Kingdom, startups
drive technological advancements and create
employment opportunities (Kongolo, 2010; Lee et al.,
2023). Similarly, in developing nations such as
Bangladesh and Kenya, startups contribute

employment generation (Chowdhury et al, 2018;
Muathe et al.,, 2022). In Tanzania, startups account for
a substantial share of private enterprises, fostering
innovation and self-employment among youth (TSA,
2023). The expansion of startups across different
regions has been largely driven by advancements in
digital technology including artificial intelligence, big
data, and fintech, reshaping economic landscapes and
business models globally (Belyh, 2022).
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Table 1: Comparative Analysis of Startup Ecosystems across Selected Countries. Source: Tanzania Startup
Association 2023 Annual report

COUNTRY

Startups in Total

Number

funding

KEY PARAMETERS

Average funding The existence of Global ranking

USA 75,056
India 123,428
Italy 14,708

Egypt 200

Nigeria 3,360+

South Africa 660
Kenya 1.000+

Tanzania

raised by startups
in 2023

$138 billion
$11 Billion
$1.676 billion
$640 million
$410 million
$600 million
$800 million

$25 million

per startup in supportive policies

2023
$1.840,000
$89,000
$114,000
$3,200,000
$120,000
$900,000
$800.,000

$29,700

for startups
Startup America
Startup India
Startup Policy
Startup Act
Startup Act
Startup Act Bill
Startup Act Bill

None

in 2023

Despite the importance of startups, their
success largely depends on entrepreneurial
behaviors, which influence business sustainability,
adaptability, and market  competitiveness,
particularly in resource-constrained environments.
Studies show that entrepreneurial behaviors
significantly impact business performance (Dess &
Lumpkin, 2005; Rauch et al., 2009). Businesses that
exhibit entrepreneurial behaviors perform better
than others do (Semrau et al, 2016). More
significantly, entrepreneurial behaviors might help
startups deal with environmental issues that affect
their performance. Previous studies such as (Dess &
Lumpkin, 2005; Wales et al, 2011) reinforce this,
arguing that a business driven by entrepreneurial
behaviors performs well even in the face of negative
business conditions. It may come as no surprise in
Tanzania that, despite various commercial obstacles,
some startups continue to thrive possibly due to
entrepreneurial behaviors.

The Tanzania Startup Ecosystem Status
Report 2023 (TSA, 2023) on collaborative effort with
key stakeholders, including the Ministry of
Information, Communication, and Information
Technology (WHMTH, 2023), the President's Office of
Planning and Investment (POPI, 2023), the Ministry
of Industry and Trade and the Tanzania Commission
for Science and Technology (COSTECH, 2023) -

defines a startup as ‘an early stage enterprise that is
innovative and has the potential to scale fast.” While
technological advancements have facilitated an
increase in business ventures with innovative
products, solutions, and business models in Tanzania
(TSA, 2023), startup success remains highly
dependent on behavioral factors such as innovation,
proactiveness,  risk-taking, and  competitive
aggressiveness.  The  entrepreneurship  and
innovation ecosystem has evolved to attract greater
stakeholder interest, yet the ability of startups to
thrive is directly linked to how entrepreneurs adopt
these behaviors to navigate challenges, seize market
opportunities, and create competitive advantages.
Therefore, fostering an entrepreneurial behavior that
emphasizes these behavioral dimensions is critical in
ensuring sustainable startup performance in
Tanzania.

In context, in the TSA’s most recent country-
wide study, the number of known startups has been
increasing every year, and 2023 has witnessed a
25.26% increase in the number of known startups,
reaching 842, compared with the previous year (TSA,
2023). This upward trend suggests a dynamic and
growing startup ecosystem, with youth increasingly
embracing self-employment as a preferred career
path. This approach is exceptionally superior to
traditional businesses, with an average of 1.1 jobs.
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Figure 2: Number of known startup In Tanzania
Source: Tanzania Startup Association 2023 Annual report

Despite being a growing hub for startups in
East Africa, entrepreneurial behaviors such as
innovativeness, risk-taking, and proactiveness
remain underexplored in the context of Dar es Salaam
(TSA, 2023). This gap suggests that while the city
shows potential as a vibrant startup ecosystem, much
work is needed to integrate behavioral approaches
into entrepreneurship development strategies, which
could significantly increase resilience and success
rates for startups in the region.

Entrepreneurial behaviors is a set of actions
that allow individuals to innovate, improve upon
existing ideas, and effectively market a product or
service in a competitive environment (Rauch et al.,
2009). This behavior is categorized into two broad
types: strategic entrepreneurship, where
entrepreneurs seek new opportunities and leverage
external resources (Sarasvathy, 2001), and effectual
entrepreneurship, which relies on making the most of
available resources to maximize success (Read et al.,
2009). Entrepreneurs must adapt their behavior as
their ventures grow, shifting from a startup mindset
focused on survival to a managerial approach aimed
at sustainability and scalability (Wiklund &
Shepherd, 2005).

The four key entrepreneurial behaviors:
innovation, proactiveness, risk-taking, and
competitive aggressiveness—are particularly crucial
for startups in Dar es Salaam, where businesses face
challenges such as market saturation, financial
constraints, and regulatory hurdles (Avlonitis &
Salavou, 2007).

Innovation refers to a startup’s ability to
develop new products, services, or business models
to gain a competitive edge (Dess & Lumpkin, 2005).
Startups that prioritize innovation differentiate
themselves in highly competitive markets and sustain
long-term growth.

Proactiveness refers to anticipating and
acting on future opportunities ahead of competitors.
It involves seeking new market opportunities,
introducing new products early, and strategically
eliminating outdated business practices (Rezaei &
Ortt, 2018).This behavior allows startups to establish
market leadership and adapt quickly to industry
trends.

Risk-taking is the willingness to make bold
investment decisions under uncertainty, venturing
into new markets or technologies with unpredictable
outcomes (Dess & Lumpkin, 2005).

Competitive aggressiveness denotes the
intensity of a startup’s efforts to outperform rivals
through aggressive marketing, pricing strategies, and
market expansion tactics (Avlonitis & Salavou, 2007).
This behavior is crucial in saturated markets where
differentiation is key to business survival.

To better understand why some
entrepreneurs in Dar es Salaam adopt these specific
behaviors in response to environmental challenges,
this study applies Entrepreneurial Event Theory
(EET). Developed by (Shapero & Sokol, 1982), EET
posits that entrepreneurial activity is triggered by
three key factors: perceived desirability, perceived
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feasibility, and the propensity to act. These elements
shape an entrepreneur’s decision to initiate and
sustain business ventures, particularly in resource-
constrained environments such as Tanzania. Given
the dynamic and uncertain nature of the startup
ecosystem in Dar es Salaam, EET offers a relevant
theoretical lens through which to examine how
entrepreneurs navigate challenges and capitalize on
emerging opportunities.

The application of EET to this study is
particularly significant because it explains why
certain entrepreneurial behaviors: innovation,
proactiveness, risk-taking, and competitive
aggressiveness are more pronounced in specific
contexts. In an environment characterized by
financial constraints, regulatory uncertainties, and
intense competition, entrepreneurs must make
strategic decisions based on their perceived ability to
succeed. Entrepreneurs who exhibit strong
competitive aggressiveness may be driven by high
perceived feasibility, while those who prioritize
innovation may be responding to perceived
desirability in a rapidly evolving market. By
integrating EET, this study provides a deeper
understanding of how entrepreneurs in Dar es
Salaam adapt their behaviors to enhance startup
performance.

Startups in Dar es Salaam that adopt these
strategies are more likely to scale effectively and
sustain long-term growth (Rauch et al., 2009; Semrau
et al, 2016; Wiklund & Shepherd, 2005). However,
failure to transition from effectual to strategic
behaviors often results in business stagnation or
failure.

Empirical studies suggest that proactiveness,
innovation, risk-taking, and competitive
aggressiveness are key determinants of market
positioning, financial sustainability, and long-term
scalability (Perez et al., 2024; Pidduck et al., 2023).
However, the extent to which these behaviors
influence startup performance remains
underexplored, particularly in Tanzania's dynamic
entrepreneurial ecosystem.

Recent empirical research has consistently
shown that proactive entrepreneurs who engage in
market research, financial planning and strategic
networking tend to achieve higher levels of business
growth (Pidduck et al., 2023) highlighted that early
identification of market opportunities and customer
engagement significantly enhances business
sustainability. Similarly, (Perez et al., 2024) analyzed
how proactiveness affects startup performance in
Latin American markets, revealing that contextual
factors such as economic stability and cultural norms
modify the effectiveness of proactive strategies.

Proactiveness is particularly crucial in volatile
markets like Dar es Salaam, where frequent
regulatory shifts and competitive pressures
necessitate an anticipatory business approach (Perez
et al, 2024; TSA, 2023). While proactiveness
enhances adaptability and market expansion, its
effectiveness depends on complementary factors like
financial resources, technological capabilities, and
strategic agility (Bii et al., 2024).The findings suggest
that entrepreneurs must tailor their proactiveness to
their specific market environment for maximum
impact. In highly dynamic markets such as Dar-es-
Salaam, where regulatory changes and market
fluctuations are frequent, proactive behavior is
essential for capitalizing on emerging opportunities
(TSA, 2023).

Several studies emphasize that innovation-
driven entrepreneurial behavior plays a critical role
in securing competitive advantages and ensuring
long-term business sustainability. (Kartika, 2024)
found that digital and platform-based startups rely
heavily on innovation to differentiate themselves and
maintain a competitive edge. Similarly, (Pidduck et
al, 2023) provided empirical evidence linking
innovation-driven entrepreneurship to financial
growth and enhanced market positioning. While
startups in developed economies often pursue radical
innovation, startups in emerging markets tend to rely
on incremental innovation due to financial
limitations (Chen et al., 2024; Yulianto & Supriono,
2023). Recent studies emphasize that technological
diffusion and absorptive capacity—the ability to
integrate external innovations—are crucial for
sustained growth (Bogetoft et al., 2024). However,
Tanzanian startups face barriers such as weak
institutional support and limited R&D funding,
making it imperative for policymakers to foster a
more innovation-friendly ecosystem (TSA, 2023).

The relationship between competitive
aggressiveness and startup performance has been
widely studied, particularly in contexts where
startups actively challenge competitors and pursue
market expansion through bold strategies. (Onyango
et al,, 2024; Pidduck et al., 2023) found that startups
that actively monitor market trends and position
their products strategically tend to achieve higher
profitability and increased market share. Extending
this perspective, (Zhao et al, 2024) highlight
technological innovation as a mediating factor,
suggesting that aggressive market positioning
combined with innovation leads to sustained
competitive = advantage. = However, excessive
aggressiveness can strain financial resources and
lead to financial prudence (Feichter et al., 2022). This
is particularly relevant for startups in emerging
markets, where aggressive expansion without
financial buffers often leads to premature failure.
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Risk-taking remains a complex but essential
component of entrepreneurial success (Widianingsih
et al, 2023). Empirical research on risk-taking
behavior suggests that entrepreneurs who
strategically embrace uncertainty and pursue high-
reward opportunities can enhance their business
performance. (De Clercq et al, 2020) investigated
how financial access influences the impact of
entrepreneurial risk-taking, revealing that startups
with greater financial resources can better manage
risks and maximize returns. (Garcia-Lopera et al.,
2022) further highlights that structured risk
management frameworks and staged investment
models help mitigate the downsides of risk-taking
while enabling controlled business expansion.
Additionally, cultural attitudes toward failure
significantly shape risk-taking behavior, with many
entrepreneurs in developing economies perceiving
failure as a reputational threat rather than a learning
opportunity (Heena & Bedi, 2022). In Tanzania,
regulatory uncertainty and bureaucratic
inefficiencies  further  discourage risk-taking,
reinforcing the need for supportive policy
frameworks that incentivize entrepreneurial
experimentation.

Despite the recognized significance of
entrepreneurial behaviors: competitive
aggressiveness, proactiveness, innovation, and risk-
taking, their individual impact on startup success in
Dar es Salaam remains unclear. To explore this, the
study addresses the following research question:

RQ1: Which entrepreneurial  behavior—
competitive aggressiveness, proactiveness,
innovation, or risk-taking—has the most
significant impact on startup performance in Dar
es Salaam?

While substantial research exists on
entrepreneurial behaviors, key gaps remain. First,
many studies treat entrepreneurial behavior as a
unidimensional construct, overlooking the distinct
contributions of competitive aggressiveness,
innovation, proactiveness, and risk-taking. Second,
most empirical research has been conducted in
developed economies, where financial infrastructure
and institutional support differ significantly from
those in Tanzania. Third, previous studies have
provided conflicting evidence on the role of
competitive aggressiveness, necessitating further
exploration within developing market contexts.
Addressing these gaps, this study investigates the

relative influence of these four entrepreneurial
behaviors on startup performance in Dar es Salaam,
offering a nuanced understanding of their role in
fostering business resilience and success.

Therefore, this study examines how
entrepreneurial behaviors interact with Tanzania’s
unique business environment to influence startup
success. These findings offer practical insights for
entrepreneurs while guiding policymakers in
designing targeted interventions to strengthen the
startup ecosystem, ensuring that startups receive the
necessary resources to thrive. Given the critical role
of startups in Tanzania’s economic development,
understanding the behavioral drivers of their
performance is imperative for fostering a more
robust and sustainable business landscape. Having
established the theoretical underpinnings, the next
section presents the research methodology employed
to empirically examine these relationships.

2. MATERIALS AND METHODS
2.1 Research design

In this study, a cross-sectional research
design was adopted, as the data were collected at a
single point in time. The businesses were categorized
into three subgroups: those engaged in trade,
services, and manufacturing. According to the
Tanzania Ministry of Industry and Trade (COSTECH,
2023), businesses in Tanzania are typically grouped
into these three categories. According to (Wang &
Cheng, 2020) a cross-sectional design enhances the
precision of estimates across different subgroups,
making it suitable for examining variations in
entrepreneurial behaviors. This study aimed to
identify the entrepreneurial behaviors that have
contributed to startup performance in Dar-es-
Salaam. A deductive approach was employed, where
the theoretical framework was initially developed
and later tested with the collected data.

2.2 Study Area and population

Dar es Salaam was selected as the study area
due to its status as the hub of commercial activity in
Tanzania, as it hosts the largest concentration of
startups. In 2023, Dar es Salaam accounted for
66.56% of all registered startups in Tanzania, with
Arusha and Mbeya securing second and third places,
respectively (TSA, 2023). The city's high density of
startups and ease of access to target audiences made
it an ideal location for this research.
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Figure 3: Increase in the number of known startups (2022-2023)
Source: Tanzania Startup Association 2023 Annual report

A significant portion of the startups in Dar-
es-Salaam are concentrated in the districts of
Kinondoni, Temeke, and Ilala. According to a 2021
business survey, 37% of businesses were located in

Kinondoni, 27% in Temeke, and 36% in Ilala (TSA,
2023). These districts were therefore key areas for
the study.

DAR-ES-SALAAM CITY ADMINISTRATIVE BOUNDARIES i‘
b {
e
—
L -  ~aman
—
Kinondonj...==
— S—ae
Eaasdd - S e ara v
B gty | r—
! - iy, u—*—p::‘“ !
heaa o d .-y ‘..w.-'-..—-
—— b O - - WX
et B e
R e 0 Temas chuse Sy -TA8
e
o —— e ey
s re—
llala L
Sesed e
Temeke
b d
! Pt !
e e e
Legend
a® ey Ave
WerT Aommmt wtoe Bourters
Municipal Administrative Boundary
-
. ameon
— — . - Owte Smwre Smarmeors Varage Cowmed 294

Figure 4: Administrative map of Dar-es-Salaam
(Source: Google Survey)
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Eligibility criteria required that the startups
had been operational for at least one year, a
stipulation intended to include businesses with
sufficient operational history to provide reliable data
on performance and behaviors. Additionally, these
startups were identified based on indicators of
promising growth and resilience, characteristics that
suggest a higher likelihood of surviving and thriving
in the market of Dar es Salaam. This selection was
strategic, aiming to study not just any startups but
those demonstrating potential for significant
developmental impact and success, thereby offering
more insightful data on the effective entrepreneurial
behaviors that contribute to sustained business
achievement.

2.3 Sampling Strategy

The sample size plays a crucial role in
determining the representativeness of the study's
findings. A sample size of at least 100 is often
required for parametric tests (Hair et al., 2010), and
a range of 30-500 respondents is considered
adequate for reliable results (Roscoe, 1975). For this
study, the sample size was determined via Taro
Yomane’s formula: n=1+N(e2)N (Ovie, 2023).
Where: N = 842 (total number of startups in Dar Es
Salaam), e = 0.05 (margin of error), n = 244 (final
sample size at a 95% confidence level). This sample
size ensures statistical validity while maintaining a
balance between efficiency and generalizability.

2.4 Data Collection Methods

Data collection involved a structured
questionnaire  distributed electronically and
physically to startup founders and managers. The
questionnaire was designed using a five-point Likert
scale (1 = strongly disagree, 5 = strongly agree) to
measure perceptions of entrepreneurial behaviors
and startup performance.

This scale was chosen because of its
simplicity and proven reliability in measuring
attitudes and perceptions (Elmore & Beggs, 1975).
Composite scores were preferred over individual
item scores because of their greater reliability (Bisbe
etal., 2006).

The instrument was pilot-tested with a small
group of 30 startup owners to refine questions for
clarity and relevance. Adjustments were made based
on feedback to ensure the final questionnaire was
comprehensible and culturally appropriate as urged
by (Tate et al., 2023).

2.5 Measurement of Variables

This study examines the relationship
between entrepreneurial behaviors and startup
performance. The variables are conceptualized and
measured as follows:

Dependent Variable: Startup performance is
conceptualized in this study as a multidimensional
construct that captures various facets of
entrepreneurial performance. It is measured using
eight key indicators across four dimensions: financial
performance, market positioning, customer success,
and operational efficiency.

All items were rated on a five-point Likert
scale, where 1 represents “strongly disagree” and 5
represents “strongly agree.” These dimensions were
carefully selected to provide a comprehensive
evaluation of startup performance, reflecting both
internal capabilities and external market outcomes.
Independent Variables:
Behaviors

The independent variables in this study are
the four dimensions of entrepreneurial behaviors:
innovation, risk-taking, proactiveness, and
competitive aggressiveness. These dimensions are
rooted in the Entrepreneurial behaviors (EB)
framework and operationalized as follows:

Entrepreneurial

Innovation reflects the startup’s ability to
develop new products, processes, or strategies that
create value. It is measured through items assessing
the wvariety of products/services introduced,
openness to adopting new technologies, and
prioritization of continuous improvement Derived
from the Oslo Manual framework 2018.

Risk-taking  captures  the startup’s
willingness to allocate resources to high-risk/high-
reward projects and to make bold decisions under
uncertainty. It is assessed using items related to
experimentation, resource allocation, and the ability
to learn from failures. Rooted in Prospect Theory
(Chiu & Wu, 2011).

Proactiveness measures the startup’s
forward-thinking approach, including identifying and
acting on new opportunities. Items include
monitoring market trends, implementing initiatives
based on emerging opportunities, and fostering
collaboration to drive proactive behaviors. Linked to
Dynamic Capabilities Theory (Helfat & Peteraf,
2009).

Competitive aggressiveness reflects the
startup’s strategic intent to outperform competitors
through bold and assertive actions. This is measured
using items related to monitoring competitors,
engaging in aggressive promotional tactics, and
investing resources to gain a competitive edge.
Grounded in the Entrepreneurial behaviors
Framework (Lumpkin & Dess, 1996).
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These independent variables were rated on a
five-point Likert scale, ensuring consistency with the
dependent variable’s measurement. Together, they
provide a comprehensive framework for
understanding the entrepreneurial behaviors that
influence startup performance.

2.6 Reliability and Validity Assessment of
Variables

The validity and reliability of the constructs
used in this study were rigorously tested to ensure
the accuracy of the measurement models employed.
To assess the internal consistency of the items within
each construct, Cronbach’s Alpha (a) was utilized,

where a threshold of 0.7 is generally accepted as
indicating reliable consistency (Heo et al, 2015).
Composite Reliability (CR) was also calculated to
verify the reliability of the constructs, with a value
above 0.7 deemed satisfactory, indicating that the
construct is consistently measured across various
items (Bacon et al,, 1995). Furthermore, the Average
Variance Extracted (AVE) was used to measure the
amount of variance captured by a construct through
its items relative to the variance due to measurement
error, with a desirable threshold of more than 0.5,
ensuring that a majority of the variance in responses
is explained by the construct itself (Dos Santos &
Cirillo, 2023).

Table 2: Reliability and Validity Assessment of Variables

Variable

Competitive Aggressiveness (CA)
Innovation (IN)

Risk-Taking (RS)

Proactiveness (PR)

a CR AVE

0.843 0.925 0.578
0.929 0.918 0.583
0.840 0.906 0.548
0.937 0.918 0.585

Startup Performance (SP) [Dependent Variable] 0.773 0.906 0.547
Note(s): a = Cronbach’s Alpha, CR = Composite Reliability, AVE = Average Variance Extracted

The construct of Competitive Aggressiveness
demonstrated a Cronbach’s Alpha of 0.843 and a
Composite Reliability of 0.925, suggesting a high level
of internal consistency among the items. Similarly,
the AVE value of 0.578 indicated that the majority of
the variance in the observed items is attributable to
the construct itself, confirming the construct's
validity. The measures under Competitive
Aggressiveness, ranging from the startup’s strategies
in monitoring competitors (CA1) to its engagement in
aggressive promotional tactics (CA7), all align to
comprehensively capture the essence of the
construct.

Innovation, another key construct, showed a
Cronbach’s Alpha of 0.929 and a Composite
Reliability of 0.918, alongside an AVE of 0.583,
affirming both reliable and substantial variance
explained by the construct. Items within this
construct assess various aspects of innovation, from
the introduction of new products and services (IN1)
to the adoption of new technologies and
collaboration with external partners (IN8),
illustrating a broad yet coherent measurement of
innovation within the startups.

Risk-Taking and Proactiveness were
similarly analyzed, with each showing sufficient
reliability and validity to support their use in
examining the impact on startup performance. Risk-
Taking, for example, not only considered the
propensity of startups to engage in high-risk
decisions (RS1) but also their strategic approach to

managing and learning from the outcomes of such
risks (RS8).

Finally, the construct of Startup Performance
was reliably measured, with a Cronbach’s Alpha of
0.773 and a Composite Reliability of 0.906,
encapsulating various performance indicators from
revenue growth to customer satisfaction (SP1-SP8).

The robust assessment of these constructs
through Cronbach’s Alpha, Composite Reliability, and
Average Variance Extracted ensures that the
constructs not only reflect the theoretical concepts
they are intended to measure but also provide a
reliable basis for the subsequent analyses of their
impacts on startup performance. This rigorous
approach to measurement affirms the
methodological integrity of the study and supports
the reliability of its conclusions regarding the
influence of entrepreneurial behaviors on startup
performance.

2.7 Data analysis

This section outlines the analytical
techniques used to evaluate the relationships
between entrepreneurial behaviors and startup
performance in Dar es Salaam. The study employed
descriptive statistics to summarize the data
distribution and regression analysis to assess the
predictive power of independent variables on startup
performance. These methods were selected based on
their appropriateness in achieving the research
objectives and ensuring statistical robustness. Data
were analyzed using SPSS software.
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2.7.1 Descriptive Analysis

Descriptive statistics were chosen to provide
an initial understanding of the dataset by
summarizing the central tendency (mean) and
dispersion (standard deviation) of responses across
key variables. Given that the study involved survey
data collected from startup owners using a Likert
scale (1 = Strongly Disagree to 5 = Strongly Agree),
descriptive analysis was essential in identifying
trends, variability, and the overall distribution of
responses. This helps in understanding the extent to
which entrepreneur’s exhibit behaviors such as
competitive aggressiveness, innovation, risk-taking,
and proactiveness.

Table 4 presents the mean and standard
deviation for each variable and its respective items.
The mean (M) indicates the average level of
agreement among respondents, while the standard
deviation (SD) reflects the degree of variation in
responses. The mean (M) was calculated to
determine the average response value for each
entrepreneurial behavior, using the standard
formula:

Mean (M) - Central Tendency

X
M==5

Where Xi represents the individual observations,

and ~ denotes the total sample size.
To quantify the variability in responses, the standard
deviation (SD) was computed as:

o Xi = Each data point
. M = Mean

. N _ Sample size

Higher SD values indicate greater variability
in responses, suggesting divergence in
entrepreneurial behaviors, whereas lower values
imply consistency among participants. The summary
of descriptive statistics is presented in Table 4,
offering an empirical foundation for subsequent
inferential analysis.

These descriptive insights provide an initial
understanding of the dataset, laying the foundation
for inferential analysis. The next phase involves
regression  analysis, which examines the

relationships between entrepreneurial behaviors
and startup performance.

2.7.2 Regression Analysis

Multiple linear regression (MLR) was
selected as the primary analytical method to examine
the predictive influence of entrepreneurial
behaviors: competitive aggressiveness, innovation,
risk-taking, and proactiveness on startup
performance. This method was deemed appropriate
as it allows for simultaneous assessment of multiple
independent variables and provides an estimation of
the extent to which each entrepreneurial behavior
contributes to variations in startup success. MLR was
used to evaluate the extent to which entrepreneurial
behaviors predict startup performance. The
functional form of the regression model is expressed
as follows:

Y= Byt By X+ By Xyt By X5+ B, X, +e€

Where:

i. LA Dependent variable (Startup

Performance)

X1, Xy X3, X, Independent variables
(Competitive Aggressiveness, Innovation,
Risk-Taking, Proactiveness)

il.

iii. By = Intercept

iv. B Bz Bas Pa = Regression coefficients
(effects of predictors)
V. € Error term

The coefficient estimations in Ordinary Least Squares
(OLS) regression are obtained using:

B=(X"X]'XTy

To evaluate the model's robustness, several
statistical measures were employed. R-squared (R?)
and Adjusted R-squared values were computed to
assess the proportion of variance in startup
performance explained by the predictor variables.
The explanatory power of the model was assessed
using the coefficient of determination R-squared
(R?), defined as:

RP= Z(VL My)z
Z(Y_ MY)

Where:
. ? = Predicted values
. M, _ Mean of the dependent variable
. Y = Observed values
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A higher R-squared (R?) value indicates that
a greater proportion of the variance in startup
performance is explained by the entrepreneurial
behavior variables.

The Adjusted R is given by:

2 _((1—R2)(n—1))

=di” n-p-1

The F-statistic for regression significance testing:

___ [SSRiIp)
(SSE/(n- p-1))

Where SSR

SSE

is the regression sum of squares and

is the error sum of squares.

To determine whether the regression model
was statistically significant, an Analysis of Variance
(ANOVA) test was conducted using the F-statistic,
computed as:

_ Regression Mean Square (MSR)
Residua Mean Square (MSE)
Where:

MSR= ijRi

1. regression  (Mean Square  for
Regression)
MSE= deSL

2. residud  (Mean Square for Error)

A significant F-test(p <O'05) indicates that
at least one predictor significantly explains variation
in the dependent variable.

Multicollinearity was assessed using the
Variance Inflation Factor (VIF) and Condition Index
to ensure that predictor variables did not exhibit
excessive correlation. A VIF below 10 and a Condition
Index below 30 were considered acceptable
thresholds (Haitovsky, 1969). Using the standard
formula:

1
VIF= ——
1-R;
Where:

. " =R-squared value for predicting Xi using
all other independent variables

A VIF ¢10 suggests low multicollinearity.

R
Where " is the coefficient of determination

for predicting Xf using the other independent

variables. A VIF value below 10 confirms that
collinearity is within acceptable limits, ensuring that
regression coefficients remain stable.

All statistical analyses were conducted using
SPSS software, following best practices for regression
modeling. The detailed regression outputs, including
model summary, ANOVA results, collinearity
diagnostics, and regression coefficients, are
presented in the Results section , where they are
further analyzed and interpreted in relation to the
study’s objectives.

2.7.3 Assumption Testing

To validate the robustness of the regression
model, a series of assumption tests were conducted
to ensure that the underlying conditions for multiple
regression analysis were met. These assumptions
included multicollinearity, heteroscedasticity,
normality of residuals, and autocorrelation, which
are critical in preventing biased estimates and
ensuring the interpretability of regression results
(Flatt & Jacobs, 2019; Osborne & Waters, 2002).

Multicollinearity was assessed using the
Variance Inflation Factor (VIF) and Condition Index,
which detect excessive correlations among predictor
variables. A VIF value below 10 and a Condition Index
below 30 were considered acceptable thresholds,
indicating that multicollinearity was not a concern
(Haitovsky, 1969).

Heteroscedasticity was tested using the
Breusch-Pagan test, which examines whether the
variance of residuals remains constant across all
levels of the independent variables. A non-significant
p-value (p > 0.05) suggests homoscedasticity,
meaning that variance homogeneity is maintained,
thereby supporting the assumption of equal variance
(Breusch & Pagan, 1979; Hawkins, 1981). The
Breusch-Pagan test statistic is calculated as:

BP2_é2

Where:
. X2 = Breusch-Pagan test statistic
. 1 = Number of observations
. & = Squared residuals from the original

regressmn model

o & - = Mean of squared residuals

Normality of residuals was evaluated using
the Shapiro-Wilk test, which assesses whether the
residuals follow a normal distribution. A p-value
greater than 0.05 indicates that the residuals are
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normally distributed, meeting the assumption of
normality required for unbiased parameter
estimation in regression models (Shapiro & Wilk,
1965). The Shapiro-Wilk test is defined as:

n 2

(_Z a,.x(,.))

we oL

(%= Xf
=1

i

X . .
Where " represents the ordered residuals and a;
are coefficients computed from a normal distribution.

A p-value > 0.05 indicates normality, supporting the
use of linear regression.

Autocorrelation was tested using the
Durbin-Watson statistic, which assesses whether
residuals are independent across observations. A
Durbin-Watson value between 1.5 and 2.5 is
generally considered acceptable, indicating no severe
autocorrelation issues (‘Durbin-Watson Test’, 2008).

Using the standard formula:
n

;(et_et—1)2
> ¢

Where et represents the residual errors at time t.

D=

The results of these diagnostic tests
confirmed that the statistical model met the
necessary assumptions for valid inference,
reinforcing the reliability and precision of the
regression analysis. The rigorous application of
assumption testing ensures that the findings of this
study are robust, minimizing the risk of
misspecification errors and enhancing the
generalizability of results. By integrating descriptive

analysis, regression modeling, and assumption
testing, this study presents a methodologically sound
and statistically valid assessment of the
entrepreneurial behaviors influencing startup
performance in Dar es Salaam.

2.8 Ethical Considerations

This study adhered to strict ethical
guidelines to protect participants and ensure
research integrity. Ethical approval was obtained
from the Research Ethics Committee of The Nelson
Mandela African Institution of Science and
Technology (NM-AIST), Arusha, Tanzania, before
data collection. Participants were informed about the
study’s purpose, their rights, and the voluntary
nature of their involvement. Informed consent was
obtained from all respondents, ensuring they fully
understood the scope of the research and their right
to withdraw at any time without consequence. To
maintain confidentiality, all data were anonymized,
and personal identifiers were removed. Data access
was restricted to the researcher, ensuring
compliance with institutional and ethical research
standards.

3. Research results and Discussion

This section presents the study's findings,
beginning with the demographic characteristics of
respondents, followed by descriptive statistics on
entrepreneurial behaviors and regression analysis
results. The discussion integrates these findings with
relevant literature to provide insights into the
relationship between Competitive Aggressiveness,
Innovation, Risk-Taking, and Proactiveness and
startup performance in Dar es Salaam.

3.1. Demographic characteristics

This study collected quantitative data from a
total of 244 respondents, all of whom completed self-
administered questionnaires distributed across five
municipalities in Dar es Salaam: Ubungo, Ilala,
Temeke, Kigamboni, and Kinondoni.

Table 3: Demographic Characteristics of Respondents and Business Profiles

Variables Frequency Percent
Respondent Gender

Male 135 55.3
Female 109 44.7
Total 244 100.0
Respondent Age

Young Adult (18-35 years old) 94 38.5
Middle-Aged Adult (36-65 years old) 121 49.6
Older Adult (65+ years old) 29 11.9
Total 244 100.0
Type of Business

Technology 86 35.2
Health care 28 11.5
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Education
Agriculture
Consultancy
Media

Transport

Total

Age of the Business
1 year

2 years

3 years

4 years

More than 4 years
Total

38 15.6
27 11.1
22 9.0
21 8.6
22 9.0
244 100.0
10 4.1
23 9.4
129 52.9
40 16.4
42 17.2
244 100.0

Source: Survey Data

In terms of gender, the sample included 135
male respondents, representing 55.3% of the total,
and 109 female respondents, comprising 44.7%. This
distribution indicates a relatively balanced gender
representation, with a slight majority of male
respondents.

With respect to the age distribution, the
respondents were categorized into three distinct
groups. Young adults, defined as those between the
ages of 18 and 35, accounted for 94 respondents, or
38.5% of the sample. Middle-aged adults, aged 36 to
65, formed the largest group, with 121 respondents,
representing 49.6% of the total. The smallest age
group was that of older adults, aged 65 and above,
with 29 respondents, accounting for 11.9% of the
sample. The age distribution indicates that middle-
aged adults are the predominant group in the study,
followed by young adults, whereas older adults
constitute a smaller portion of the respondent
population.

The study also gathered information on the
characteristics of the startups managed by the
respondents, focusing on the type of business and the
age of each enterprise. The businesses were grouped
into seven different industry categories: technology,
healthcare, education, agriculture, consultancy,
media, and transport.

In terms of industry type, technology-related
businesses were the most common, with 86
respondents, representing 35.2% of the sample.
Education-based enterprises followed, with 38

respondents (15.6%), followed by healthcare-related
businesses, with 28 respondents, or 11.5% of the
sample. Agriculture-based businesses had a similar
representation, with 27 respondents (11.1%).
Consultancy and transport businesses each
accounted for 22 respondents, or 9.0% of the sample,
whereas media-related enterprises made up the
smallest segment, with 21 respondents, representing
8.6%. These results reveal that technology-based
enterprises dominate the sample, whereas the other
types of businesses are relatively evenly distributed
across the remaining industries.

The age of the businesses operated by the
respondents also varied significantly. Startups
operating for three years composed the largest
group, with 129 respondents, accounting for 52.9%
of the sample. Startups that had been in operation for
more than four years accounted for 42 respondents,
or 17.2%, whereas those that had been running for
four years accounted for 40 respondents, accounting
16.4% of the sample. Startups with two years of
operation made up 9.4%, with 23 respondents, and
newly established enterprises (one year of
operation) accounted for the smallest group, with 10
respondents, or 4.1% of the sample. This distribution
demonstrates that a majority of the businesses
surveyed have been operational for three or more
years, indicating a trend toward relatively
established startups within the sample population.

3.2 Descriptive Analysis of Entrepreneurial
Behaviors and Startup Performance

Table 4: Descriptive statistics: Variable means, standard deviation, sample size

Category
Competitive Aggressiveness (CA)

Code Mean Std.Dev N
CA 3.32 1.18

The startup frequently monitors competitors' actions and strategies. CA1l 3.65 1.5 244
The startup monitors market trends and changes. CA2 2.75 1.1 244
The startup is highly proactive in competing aggressively in the market. CA3 3.25 0.95 244
The startup aims to position itself as a market leader. CA4 3.01 1.4 244
The startup is willing to take risks to introduce innovative products/services. CAS 3.7 1.3 244
The startup is willing to invest significant resources to gain a competitive edge. CA6 28 1.25 244
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The startup engages in aggressive promotional tactics. CA7 345 1.2 244
The startup leadership encourages and incentivizes employees to pursue aggressive strategies. CA8 3.5 1 244
The startup proactively responds to aggressive moves by competitors. CA9 3.85 0.85 244
Innovation (IN) IN 297 1.1

The startup has introduced a variety of products/services within the past 2 years. IN1 2.85 1.05 244
The startup gathers feedback from customers to drive product/service innovation. IN2 3.15 1.2 244
The startup is open to adopting new technologies. IN3 3.4 1.25 244
The startup prioritizes continuous improvement and innovation. IN4 3.2 1.4 244
Innovation is the core part of the startup's vision and culture. IN5 2.65 1.15 244
The startup creates an environment for employees to share and pursue innovative ideas. IN6 2.75 1.3 244
The startup adapts its innovation strategy based on market trends. IN7 3 1.35 244
The startup collaborates with external partners to enhance its innovation capabilities. IN8 2.4 1.1 244
Risk-Taking (RS) RS 1.8 1.1

The startup has a very risk-taking attitude. RS1 1.55 0.9 244
The startup’s leadership actively supports risk-taking decisions. RS2 1.75 0.9 244
The startup often makes decisions involving significant risk. RS3 2 0.45 244
The startup is willing to allocate resources to high-risk/high-reward projects. RS4 1.8 0.6 244
The startup considers long-term goals when taking risks. RS5 2.2 1.05 244
The startup’s risk-taking behavior contributes to its market positioning. RS6 1.4 0.8 244
The startup encourages experimentation and innovation despite risks. RS7 2.1 0.7 244
The startup has mechanisms to learn from failures. RS8 1.65 0.85 244
Proactiveness (PR) PR 2.92 1.22

The startup adapts quickly to changing market conditions. PR1 3.1 1.15 244
The leadership team strongly encourages and supports proactiveness. PR2 3.35 1.35 244
The startup consistently monitors market trends. PR3 2.9 1.2 244
The startup actively seeks feedback to drive proactive decision-making. PR4 3.2 1.15 244
The startup identifies new opportunities before they arise. PR5 2.75 1.25 244
The startup seeks innovative solutions to potential challenges. PR6 3.6 1.05 244
The startup implements initiatives to capitalize on emerging trends. PR7 275 1.4 244
The startup consistently strives for continuous improvement and growth. PR8 2.8 1.3 244
Startup Performance (SP) [Dependent Variable] Sp 335 0.73

The startup has experienced significant revenue growth in the past year. SP1 3.32 0.71 244
The startup has maintained a positive cash flow and profitability. SP2 3.43 0.65 244
The startup has increased its market share in the industry. SP3 3.29 0.81 244
The startup has built a strong brand presence. SP4 3.36 0.63 244
The startup has successfully retained a loyal customer base. SP5 3.36 0.81 244
The startup has improved customer satisfaction. SP6 3.36 0.84 244
The startup efficiently adapts to operational challenges. SP7 3.43 0.74 244
The startup consistently delivers innovative solutions to customers. SP8 3.41 0.8 244

The results indicate that competitive
aggressiveness (M = 3.32, SD = 1.18) had the highest
mean score among the entrepreneurial behaviors,
suggesting that startups in Dar es Salaam exhibit
strong tendencies toward competitive market
positioning and aggressive strategic actions. This is
followed by innovation (M = 2.97, SD = 1.10) and
proactiveness (M = 2.92, SD = 1.22), indicating that
startups actively engage in innovative efforts and
anticipate market opportunities. However, risk-
taking behavior recorded the lowest mean score (M =
1.80, SD = 1.10), reflecting a more conservative
approach to uncertainty and high-risk investments.

Each entrepreneurial behavior is further
broken down into its specific components to provide
a detailed assessment of how entrepreneurs engage
in these behaviors.

3.2.1 Competitive Aggressiveness

Competitive aggressiveness captures the
extent to which startups actively monitor
competitors, engage in aggressive market

positioning, and allocate resources toward gaining a
competitive edge. The overall mean score (M = 3.32,
SD = 1.18) suggests that competitive aggressiveness
is moderately emphasized among startups in Dar es
Salaam. However, variations exist across different
aspects of competitive behavior.

Startups frequently monitor competitors'
actions and strategies (M = 3.65, SD = 1.50),
indicating that most entrepreneurs are highly aware
of their competitive environment. Similarly, startups
proactively respond to aggressive moves by
competitors (M = 3.85, SD = 0.85), highlighting a
strong tendency to react swiftly to market changes.
However, monitoring general market trends and
changes (M = 2.75, SD = 1.10) scored relatively lower,
suggesting that while startups are attentive to direct
competitors, they may not be equally proactive in
anticipating broader industry trends.

The mean score for proactive market
positioning (M = 3.25, SD = 0.95) suggests that many
startups aim to differentiate themselves and establish
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dominance, but the relatively lower standard
deviation indicates that not all startups actively
pursue aggressive positioning strategies. Similarly,
while some startups are willing to take risks to
introduce new products or services (M = 3.70, SD =
1.30), investment in competitive expansion strategies
(M = 280, SD = 1.25) appears to be more
conservative, suggesting that financial constraints or
risk-averse behavior might limit their strategic
execution.

Aggressive promotional tactics (M = 3.45, SD
=1.20) and leadership encouragement for aggressive
strategies (M = 3.50, SD = 1.00) indicate that while
marketing and internal motivation for
competitiveness are present, execution of aggressive
expansion varies among startups. The relatively high
standard deviation (SD = 1.50 for CA1 and SD = 1.30
for CA5) suggests significant differences in how
startups engage in competitive behaviors, with some
being highly aggressive and others adopting a more
cautious approach.

3.2.2 Innovation

The descriptive analysis indicates that
innovation among startups in Dar es Salaam is
moderate (M = 297, SD = 1.10), with notable
variations across different dimensions of innovation.

Startups report a strong tendency to adopt
new technologies (M = 3.40, SD = 1.25), suggesting
that many businesses integrate modern digital tools
to improve operations. However, innovation as a core
part of the startup’s vision and culture is rated lower
(M = 2.65, SD = 1.15), indicating that while startups
utilize technology, they do not necessarily embed
innovation deeply into their strategic frameworks.

While gathering customer feedback for
product and service innovation is rated moderately
high (M = 3.15, SD = 1.20), the actual introduction of
new products and services remains lower (M = 2.85,
SD = 1.05). This suggests that execution barriers such
as financial limitations, risk aversion, or lack of R&D
resources may prevent startups from effectively
translating customer insights into new offerings.

The results also show that structured
internal innovation processes, such as employee-
driven innovation (M = 2.75, SD = 1.30), remain
underdeveloped, limiting startups' ability to generate
in-house innovation.

Additionally, external collaboration for
innovation is the lowest-rated aspect (M = 2.40, SD =
1.10), suggesting that startups primarily rely on
internal adjustments rather than engaging with
external research institutions or industry partners.
Despite this, the ability to adapt innovation strategies

based on market trends (M = 3.00, SD = 1.35) is rated
moderately, indicating that startups adjust to
industry changes reactively rather than through
proactive collaboration.

Overall, the findings suggest that while
startups in Dar es Salaam integrate technology and
customer insights into their operations, execution
constraints, limited collaboration, and a lack of
structured innovation processes restrict their ability
to drive breakthrough innovations.

3.2.3 Risk-Taking

Risk-taking assesses the entrepreneur’s
willingness to make bold decisions in the face of
uncertainty, particularly in financial investments,
new market entry, and experimentation with novel
ideas. The descriptive analysis indicates that risk-
taking among startups in Dar es Salaam is the lowest-
rated entrepreneurial behavior (M = 1.80, SD = 1.10),
suggesting a highly cautious approach to uncertainty
and high-risk investment strategies.

The results show that startups report very
low willingness to engage in  high-risk
entrepreneurial actions. Overall risk-taking attitude
(M =1.55,SD =0.90) and leadership support for risk-
taking (M = 1.75, SD = 0.90) suggest that founders and
management teams actively avoid high-risk decisions
in daily operations. Similarly, decision-making
involving significant risk (M = 2.00, SD = 0.45) and
allocating resources to high-risk, high-reward
projects (M = 1.80, SD = 0.60) reinforce this trend of
risk aversion.

However, risk-taking is slightly more evident
in long-term strategic decisions (M = 2.20, SD = 1.05)
and controlled experimentation despite risks (M =
2.10, SD = 0.70). This suggests that while startups
avoid short-term risks, some engage in measured
long-term risk-taking, particularly in business
expansion strategies.

The lowest-rated aspect of risk-taking is
risk-driven market positioning (M = 1.40, SD = 0.80),
indicating that startups are unlikely to adopt
aggressive risk-taking strategies to gain competitive
advantages. Additionally, the ability to learn from
failures (M = 1.65, SD = 0.85) is also low, suggesting
that startups may not have structured mechanisms to
analyze and adapt based on past mistakes. This lack
of structured learning from failures may further
reinforce a cycle of risk aversion, where previous
setbacks discourage future risk-taking.

Overall, the findings suggest that startups in
Dar es Salaam exhibit a cautious approach to risk-
taking, with limited engagement in high-risk business
strategies or investments. However, some controlled
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long-term risk-taking behaviors exist, particularly
when planning future growth.

3.2.4 Proactiveness

Proactiveness reflects the startup’s ability to
anticipate market trends and take early actions to
capitalize on opportunities. The descriptive analysis
indicates that proactiveness among startups in Dar es
Salaam is moderate (M = 2.92, SD = 1.22), suggesting
that while startups exhibit some forward-thinking
behaviors, their ability to anticipate and capitalize on
opportunities is not fully developed.

The results show strong leadership
encouragement for proactiveness (M = 3.35, SD =
1.35), indicating that startup founders and
management teams actively support proactive
decision-making. = However, this leadership
encouragement does not fully translate into high
levels of proactive execution, as reflected in the
overall proactiveness score (M = 2.92, SD = 1.22). This
suggests that while leadership fosters a proactive
mindset, startups may lack the resources, strategic
planning, or execution capacity to act on proactive
initiatives effectively.

Startups report high engagement in finding
innovative solutions to potential challenges (M =
3.60, SD = 1.05), which indicates that many
businesses are effective at reacting to operational
difficulties with creative approaches. However, this
contrasts with their lower ability to implement
initiatives to capitalize on emerging trends (M = 2.75,
SD = 1.40). This suggests that while startups are
strong in problem-solving, they are less proactive in
identifying and acting on new market trends before
they become widespread.

Similarly, market trend monitoring (M =
290, SD = 1.20) is rated slightly higher than
identifying new opportunities before they arise (M =
2.75,SD = 1.25). This indicates that while startups are
aware of market movements, they may engage in
passive observation rather than actively leveraging
market insights to drive new business strategies.

The ability to adapt quickly to changing
market conditions (M = 3.10, SD = 1.15) and actively
seek feedback for proactive decision-making (M =
3.20, SD = 1.15) suggests that startups integrate real-
time information into their operations but may focus
more on short-term adjustments rather than long-
term strategic positioning.

Lastly, continuous improvement and growth
(M = 2.80, SD = 1.30) is rated moderately, indicating
that while some startups are consistently refining
their processes, others may not have structured
systems for ongoing development.

3.2.5 Startup Performance

The dependent variable, startup
performance, was assessed across financial growth,
market positioning, operational efficiency, and
customer satisfaction. The startup performance
indicators findings suggest that startups in Dar es
Salaam exhibit moderate levels of performance
across various business dimensions. The overall
mean score for startup performance (M = 3.35, SD =
0.73) indicates that most startups perceive their
business outcomes moderately successful.

Financial Performance: Cash flow and profitability
(M =3.43,SD = 0.65) are the highest-rated indicators,
suggesting financial stability, while revenue growth
(M = 3.32, SD = 0.71) is slightly lower, indicating
gradual expansion rather than aggressive scaling.
This suggests that startups prioritize cost efficiency
over rapid revenue increases.

Market Expansion and Brand Recognition:
Startups report moderate market share growth (M =
3.29, SD = 0.81) and brand recognition (M = 3.36, SD
= 0.63), implying that visibility is improving, but
competitive barriers may limit market dominance.

Customer Satisfaction and Retention: Customer
satisfaction (M = 3.36, SD = 0.84) and customer
loyalty (M = 3.36, SD = 0.81) are equal, suggesting that
while startups meet customer expectations, retention
strategies may need improvement to maintain long-
term loyalty.

Operational Adaptability and Innovation:

Operational adaptability (M = 3.43, SD =
0.74) is among the highest-rated aspects, reflecting
strong resilience to challenges. However, this does
not necessarily translate into high performance
growth. Innovation (M = 3.41, SD = 0.80) is also
relatively strong, indicating a focus on continuous
improvements rather than industry-disruptive
innovations.

Overall, the descriptive results indicate that
startups in Dar es Salaam are performing at a stable
and sustainable level, with financial stability,
adaptability, and innovation playing key roles in their
performance. However, challenges remain in
expanding market share, strengthening customer
retention, and converting brand awareness into
competitive advantage.

These insights set the foundation for the next
section, where regression analysis will explore the
extent to which entrepreneurial behaviors influence
startup performance.
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3.3 Regression Analysis of Entrepreneurial
Behaviors and Startup Performance

This section presents the results of the
regression analysis examining the relationship

aggressiveness, innovation, risk-taking, and
proactiveness—and startup performance. The
analysis evaluates the strength and significance of
each predictor, providing insights into the extent to

between entrepreneurial behaviors—competitive which these behaviors influence business success.

Table 5: Model Summary for Regression Analysis

Model Summary®
Model R R Adjusted R  Std. Error of Change Statistics
Square Square the Estimate R Square F dfl  df2 Sig. F
Change Change Change
1 7822 612 .604 .298 .612 133.458 4 239 .000

a. Predictors: (Constant), proactive_mean, risk_mean, innovation_mean, competitive_mean
b. Dependent Variable: dependent_mean

The model summary results indicate that the
four entrepreneurial behaviors collectively explain
61.2% (R* = 0.612) of the variance in startup
performance, suggesting a strong explanatory power.
The adjusted R? value of 0.604 further confirms the

model’s robustness, accounting for potential sample
variations. This implies that a significant portion of
startup performance variations can be attributed to
competitive aggressiveness, innovation, risk-taking,
and proactiveness.

Table 6: ANOVA Results for Regression Analysis

ANOVAa
Model Sum of Squares df Mean Square F Sig.
1  Regression 34.672 4 8.668 132.458 .000P
Residual 21.248 239 .089
Total 55.920 243

a. Dependent Variable: dependent_mean
b. Predictors: (Constant), proactive_mean, risk_mean, innovation_mean, competitive_mean

The ANOVA results constartup that the
regression model is statistically significant (F (4, 239)
=132.458, p < 0.001), indicating that at least one of
the  entrepreneurial  behaviors  significantly

contributes to predicting startup performance. The
large F-statistic reflects the model’s strong predictive
capability, reinforcing that these behaviors are
critical determinants of startup success.

Table 7: Coefficients for Regression Analysis

Coefficients?2
Model Unstandardized Standardized t Sig. Collinearity
Coefficients Coefficients Statistics
B Std. Error Beta Tolerance  VIF
1 (Constant) -.045 .052 -0.865  .388
competitive_mean .312 .009 612 30.245 .000 .970 1.03
innovation_mean 223 .008 478 24.610 .000 .975 1.025
risk_mean .075 .005 .193 12988 .000 .995 1.005
proactive_mean .168 .007 .375 20.345 .000 .980 1.020

a. Dependent Variable: dependent_mean

The regression coefficients provide an in-
depth understanding of the individual effects of each
entrepreneurial behavior on startup performance.
The results indicate that all four entrepreneurial
behaviors—competitive aggressiveness, innovation,
proactiveness, and risk-taking—are statistically
significant predictors of startup performance.

3.3.1. Competitive aggressiveness behavior and
startup performance

The analysis results further identifies
competitive aggressiveness as the strongest
predictor of startup performance (B = 0.312, 8 =
0.612, t = 30.245, p < 0.001). A unit increase in
competitive aggressiveness leads to a 0.312-unit
increase in the dependent variable, holding all other
factors constant. The standardized coefficient (§ =
0.612) underscores the substantial impact of
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competitive aggressiveness on startup performance,
indicating that startups emphasizing competitive
strategies are better positioned to achieve superior
performance outcomes.

3.3.2. Innovation behavior and startup
performance
The regression analysis highlights the

significant role of innovation behavior in predicting
startup performance. The results indicate that
innovation is a strong and statistically significant
predictor (B =0.223,3=0.478,t=24.610,p < 0.001).
For every one-unit increase in innovation, there is an
associated  0.223-unit increase in  startup
performance, holding all other variables constant.
The standardized coefficient (f = 0.478)
demonstrates a strong positive relationship,
underscoring the critical impact of innovative
behavior on entrepreneurial success. This finding
suggests that startups emphasizing innovation such
as the development of new products, services, or
processes are better positioned to achieve superior
performance outcomes.

3.3.3. Risk-taking behavior and
performance

The analysis results reveals that risk-taking
behavior is a significant but the least influential
predictor of startup performance (B = 0.075, 8 =
0.193, t = 12.988, p < 0.001). A one-unit increase in
risk corresponds to a 0.075-unit increase in startup
performance, holding all other variables constant.
Although the standardized coefficient (f = 0.193)
reflects a relatively lower impact compared to other
predictors, its statistical significance underscores the
importance of  calculated risk-taking in
entrepreneurial success.

startup

3.3.4. Proactive behavior and
performance

Proactiveness emerged as a significant
predictor of startup performance (B = 0.168, 8 =
0.375, t = 20.345, p < 0.001). The analysis indicates
that for every one-unit increase in proactiveness,
startup performance improves by 0.168 units,
holding all other factors constant. The standardized
coefficient ( = 0.375) highlights the crucial role of
proactivity in driving entrepreneurial success,
demonstrating its substantial contribution to overall
startup performance. This finding underscores that
proactive behavior is essential for navigating
competitive environments and achieving superior

business outcomes.

startup

Table 8: Collinearity Diagnostics for Multiple Regression Analysis
Collinearity Diagnostics?

Model Dimension Eigenvalue Condition
Index
1 1 4.215 1.000
2 .198 4.612
3 .087 7.243
4 .059 9.987
5 .014 18.532

Variance Proportions

(Constant) competitive innovation risk proactive
.00 .00 .00 .01 .00
.01 .02 .05 .85 .04
.00 .05 .27 .03 .50
.00 42 .35 .05 .08
.99 51 .33 .06 .38

a. Dependent Variable: dependent_mean

The Variance Inflation Factor (VIF) values
for all predictors are below 10 (ranging between
1.005 and 1.03), indicating no  severe
multicollinearity issues. Similarly, the Condition
Index values remain below the acceptable threshold
of 30, confirming that the independent variables are
not excessively correlated. These results validate the
regression model, ensuring reliable coefficient
estimates.

3.4 Comparison of Findings with Existing
Literature
3.4.1 Competitive Aggressiveness and Startup
Performance

Competitive aggressiveness is a critical
entrepreneurial orientation dimension that reflects a
startup’s willingness to outperform rivals through

aggressive strategies such as pricing, marketing, and
rapid expansion. This study found that competitive
aggressiveness significantly influences startup
performance in Dar es Salaam (M = 3.32, SD = 1.18),
which aligns with recent literature emphasizing its
role in enhancing market positioning, financial
success, and long-term sustainability (Bii et al., 2023;
Feichter et al., 2022; Onyango et al., 2024).
Competitive and Market
Positioning

Recent studies indicate that startups with
high competitive aggressiveness achieve stronger
market positioning and customer retention. Onyango
et al,, (2024) found that public transport enterprises
in Kenya that exhibited aggressive marketing and
competitive pricing strategies experienced higher

Aggressiveness
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growth rates. Similarly, Feichter et al, (2022)
demonstrated that startups with incentive-based
competitive strategies tend to engage in more
aggressive competitive actions, reinforcing their
dominance in the market. These findings align with
this study, where startups in Dar es Salaam exhibited
high engagement in monitoring competitors’
strategies (M = 3.65, SD = 1.50) and responding
aggressively to market changes (M = 3.85, SD = 0.85).

Competitive Aggressiveness and Financial
Performance

Several studies highlight a positive
relationship between competitive aggressiveness
and financial performance. Onumah & Innocent
(2022) found that manufacturing startups in Nigeria
that implemented aggressive market strategies
reported higher profitability levels. Similarly, Bii et
al, (2023) found that aggressive pricing and
promotional tactics significantly enhanced the
revenue growth of hotels in Kenya. Our findings
support this perspective, as startups in Dar es Salaam
that prioritized aggressive promotional tactics (M =
3.45, SD = 1.20) and market positioning (M = 3.25, SD
= 0.95) exhibited stronger financial performance (M
=2.90,SD = 0.65).

Competitive Aggressiveness and Strategic
Adaptability

Beyond financial success, competitive
aggressiveness also enhances strategic adaptability.
Shayo (2020) found that tourism startups in
Tanzania that proactively engaged in aggressive
market strategies were more resilient to market
fluctuations. Similarly, (Al-Harthi et al., 2024) argue
that competitive aggressiveness fosters dynamic
capabilities, enabling startups to adapt swiftly to
external changes. This study supports this view,
revealing that startups in Dar es Salaam that pursued
aggressive strategies were more adaptable to
operational challenges (M = 2.75, SD = 0.85),
suggesting that competitive aggressiveness plays a
crucial role in maintaining business resilience.

Challenges and Moderating Factors

While competitive aggressiveness
contributes to startup performance; its effectiveness
is moderated by industry conditions and internal
capabilities. Feichter et al, (2022) caution that
excessive competitive aggressiveness can lead to
increased operational costs and resource depletion.
Similarly, Al-Harthi et al.,, (2024) argue that startups
in capital-intensive industries may face diminishing
returns from highly aggressive strategies. This study
aligns with these perspectives, as some startups in
Dar es Salaam struggled with resource allocation
when implementing aggressive expansion tactics (M
= 2.80, SD = 1.25). This suggests that while
competitive aggressiveness is beneficial, startups

must balance aggressive strategies with sustainable
resource management.

Practical Implications and Recommendations
The findings of this study emphasize the
need for startups to adopt structured competitive
aggressiveness strategies. Policymakers and business
support organizations in Dar es Salaam should
develop training programs that help startups refine
their ~ competitive  tactics  while  ensuring
sustainability. Additionally, startups should consider
data-driven decision-making and competitive
intelligence tools to enhance their market strategies.
This aligns with recommendations by Bii et al,
(2023), who emphasize the importance of balancing
aggressive competition with strategic foresight.

Competitive aggressiveness remains a
significant driver of startup performance, as
demonstrated in this study and supported by recent
literature. However, its effectiveness depends on
industry conditions, resource availability, and
strategic execution. Future research should explore
how startups can optimize competitive
aggressiveness while maintaining long-term business
sustainability in emerging market contexts like Dar es
Salaam.

3.4.2 Innovation and Startup Performance

The role of innovation in enhancing startup
performance has been extensively discussed in
recent literature. This study found that innovation is
a significant predictor of startup performance in Dar
es Salaam, reinforcing the broader research
consensus that innovation strategies directly
influence startup growth, competitive advantage, and
sustainability. Recent studies have examined various
dimensions of innovation, including product, process,
organizational, and marketing innovations, and their
collective impact on startup performance (Bogetoft et
al., 2024; Yulianto & Supriono, 2023).

Types of Innovation and Their Impact

Innovation strategies can take multiple
forms, and startups that integrate multiple types of
innovation tend to achieve superior performance. A
recent study by Bogetoft et al., (2024) highlights that
startups that adopt a combination of product,
process, and organizational innovations exhibit
higher efficiency and market adaptability. Similarly,
Tavassoli and Karlsson (2016) found that startups
that practice multiple types of innovation
simultaneously tend to outperform those that focus
on a single innovation type.

This study revealed that startups in Dar es
Salaam prioritize adopting new technologies (M =
3.40, SD = 1.25) and integrating customer feedback
into product development (M = 3.15, SD = 1.20),
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which aligns with findings by Ayinaddis (2023), who
noted that product innovation has a strong positive
effect on startup performance. However,
collaboration with external partners for innovation
remains low (M = 2.40, SD = 1.10), suggesting a need
for stronger knowledge-sharing networks. This
finding supports Yulianto & Supriono (2023), who
emphasize that startups in emerging markets often
struggle with open innovation due to limited access
to external knowledge resources.

Incremental vs. Radical Innovation

A key distinction in innovation literature is
between incremental and radical innovation. Chen et
al., (2024) argue that while both forms of innovation
contribute to competitive advantage, radical
innovation tends to yield greater long-term benefits.
Radical innovation involves the development of
entirely new technologies, products, or services,
whereas incremental innovation focuses on refining
existing offerings. The findings from this study
suggest that startups in Dar es Salaam are more
inclined toward incremental innovation, aligning
with research that indicates emerging market
startups often adopt less risky innovation strategies
due to resource constraints (Balaz et al, 2023).
However, radical innovation may be more cost-
effective in the long run, especially in technology-
driven sectors where breakthrough innovations can
disrupt markets and create long-term advantages.

Innovation Speed and Competitive Advantage

The speed of innovation is another critical
factor in determining startup success. According to
Chen et al, (2024), innovation speed mediates the
relationship between innovation strategies and
competitive advantage. Faster innovation processes
allow startups to respond to market demands more
efficiently and establish a stronger market presence.
However, our findings indicate that startups in Dar es
Salaam face challenges in accelerating innovation
speed, possibly due to financial and infrastructural
limitations. This aligns with research by Ayinaddis
(2023), which suggests that startups with limited
capital may struggle to implement rapid innovation
cycles but could benefit from staged innovation
processes to mitigate financial constraints.

Theoretical and Practical Implications

From a theoretical perspective, this study
contributes to the resource-based view (RBV) by
demonstrating that innovation capabilities serve as
strategic assets that drive competitive (BalaZ et al,
2023).Italso aligns with the knowledge-based theory
(KBT), which suggests that startups that effectively
absorb and apply external knowledge tend to
perform better (Yulianto & Supriono, 2023).
Practically, policymakers and startup incubators in
Dar es Salaam should emphasize fostering innovation

ecosystems that support collaboration, knowledge-
sharing, and financial incentives for high-risk, high-
reward innovations. Additionally, startups should
consider adopting a balanced approach that
integrates both incremental and radical innovation to
sustain long-term growth while mitigating risks
associated with rapid changes.

3.4.3 Risk-Taking and Startup Performance

Risk-taking is a key entrepreneurial
behavior that reflects a startup's willingness to
commit significant resources to uncertain ventures in
pursuit of high rewards. This study found that risk-
taking had the lowest mean score among
entrepreneurial behaviors (M = 1.80, SD = 1.10) in
Dar es Salaam startups, suggesting a more
conservative approach to uncertainty and high-risk
investments. This finding aligns with existing
literature, which presents mixed perspectives on the
relationship between risk-taking and startup
performance, highlighting both its potential benefits
and inherent challenges (Liu et al., 2023; Thi Pham &
Thi Dao, 2022; Widianingsih et al., 2023).

Recent studies emphasize the dual nature of
risk-taking in entrepreneurial success. A meta-
analysis by Pham & Dao (2022) found that risk-taking
behaviors, including leverage, R&D spending, and
investment in new markets, can lead to improved
financial returns but also expose startups to
volatility. Similarly, Widianingsih et al, (2023)
established that innovation-related risk-taking
positively influences startup performance when
complemented by strong financial performance and
strategic planning. This aligns with this study
findings, where risk-taking behaviors such as
investing in high-risk, high-reward projects (M =
1.80, SD = 0.60) and making bold strategic decisions
(M = 2.00, SD = 0.45) were relatively low among Dar
es Salaam startups, indicating a cautious approach.

Cultural and Institutional Determinants of
Entrepreneurial Risk-Taking

Studies found that risk-taking behavior in
entrepreneurship is deeply shaped by cultural
attitudes, institutional support, and financial security
(Amankwah-Amoah et al, 2018; DeScioli, 2024;
Hofstede et al, 2010; Prokopenko et al, 2025). In
collectivist societies, failure is often stigmatized,
leading to cautious, incremental risk-taking rather
than bold market moves (Amankwah-Amoah et al,
2024). This pattern is evident in Tanzania, where
startups favor risk minimization strategies such as
staged investments and strategic partnerships,
largely due to regulatory unpredictability and weak
venture financing infrastructure (Jethro Godi, 2024).

Conversely, the U.S. and China exemplify
how strong institutional support systems foster high-
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risk entrepreneurial behavior. In the United States,
the abundance of venture capital, government-
backed SBIR grants, and startup accelerators like Y
Combinator significantly lower financial risks for
entrepreneurs (Nanda & Rhodes-Kropf, 2017).
Additionally, bankruptcy protection laws,
particularly Chapter 11, allow founders to recover
from failure without facing long-term financial ruin,
encouraging greater risk-taking (Yamakawa et al.,
2011). Similarly, China’s government-led innovation
policies, such as the Torch Program and mass
entrepreneurship campaigns, provide state-backed
venture capital, financial subsidies, and R&D
incentives, fostering a risk-tolerant entrepreneurial
ecosystem (He et al, 2019). These mechanisms de-
risk entrepreneurship in both economies, allowing
founders to take calculated risks with confidence,
knowing that failure does not lead to financial
devastation (Ahlstrom et al., 2018).

In contrast, Tanzania lacks structured risk-
absorption mechanisms, making entrepreneurs more
reluctant to engage in radical innovation
(Nyamrunda & Freeman, 2021). This study
contributes to the broader literature by
demonstrating that risk-taking behavior is highly
contextual, with startups in risk-averse
environments focusing on conservative expansion
rather than disruptive innovation. To strengthen
Tanzania’s startup ecosystem, financial institutions
must develop structured risk-mitigation frameworks,
including staged funding mechanisms, tax incentives
for high-growth startups, and policies that de-
stigmatize entrepreneurial failure. These insights
align with recent research advocating for
contextualized risk-taking models in African
entrepreneurial ecosystems (Jethro Godi, 2024).

Strategic Risk-Taking and Staged Investment
Models

One way startups can mitigate the
downsides of risk-taking while maximizing its
benefits is through staged investment models.
Research by Garcia-Lopera et al,, (2022) suggests that
startups adopting phased risk-taking approaches—
where investments are tested in smaller increments
before full-scale deployment—tend to have more
sustainable growth. This approach helps businesses
manage financial risks while exploring high-reward
opportunities, which could be particularly beneficial
for Dar es Salaam startups.

The Psychological Dimension of Risk-Taking

The role of entrepreneur psychology in risk-
taking behavior is another important consideration.
Studies by Liu et al., (2023) and Dao & Phan (2023)
highlight how  cognitive biases, such as
overconfidence and loss aversion, influence decision-
making. Entrepreneurs who perceive risk as an

opportunity rather than a threat are more likely to
engage in calculated risk-taking, leading to greater
innovation and performance outcomes.
Incorporating structured decision-making
frameworks and risk analysis training could help
startups in Dar es Salaam enhance their risk-taking
capabilities without exposing themselves to
excessive financial instability.

Risk-taking is a complex but essential
component of entrepreneurial success. While this
study indicates a conservative approach to risk-
taking among Dar es Salaam startups, literature
suggests that calculated risk-taking, combined with
financial discipline and strategic oversight, can
significantly = enhance  startup  performance.
Implementing structured staged investment models
and understanding psychological drivers of risk-
taking can help startups optimize their risk
strategies. Future research should explore how
startups can develop adaptive risk-taking strategies
tailored to their industry dynamics and financial
capabilities.

3.4.4 Proactiveness and Startup Performance
Proactiveness has been widely recognized as
a critical entrepreneurial orientation dimension that
enhances startup performance. It represents a
forward-looking perspective characterized by
anticipating future market trends, identifying new
opportunities, and taking the initiative before
competitors. The findings from this study suggest
that proactiveness significantly influences startup
performance in Dar es Salaam (M = 2.92, SD = 1.22),
aligning with recent literature that highlights its role
in fostering competitive advantage, strategic
adaptability, and long-term sustainability (Khwae &
Amoozegar, 2024; Ogundare & Merwe, 2024).

Proactiveness and Competitive Advantage

Recent studies indicate that proactiveness is
a key determinant of competitive advantage for
startups. Ogundare & Van der Merwe (2024) found
that SMEs with a strong proactiveness orientation
outperform competitors by identifying and
responding to market shifts early. This aligns with
this study’s findings that startups in Dar es Salaam
exhibit moderate proactiveness, particularly in
monitoring market trends (M = 2.90, SD = 1.20) and
adapting to changing conditions (M = 3.10,SD = 1.15).
However, the study also reveals that while startups
react to immediate market changes, their long-term
strategic foresight remains limited (M = 2.75, SD =
1.25). This is consistent with Bii et al,, (2024), who
argue that startups with high proactiveness need
dynamic capabilities to sustain a competitive edge.
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Proactiveness and Startup Performance

The relationship between proactiveness and
startup performance has yielded mixed results in
previous studies. While some studies confirm a
positive and significant impact (Abdullahi, 2022;
Adomako et al, 2021), others suggest that
proactiveness alone may not guarantee improved
performance unless coupled with complementary
factors such as strategic resource allocation and
innovation (Kavana & Puspitowati, 2022). The
findings from this study support the argument that
while proactiveness contributes to startup
performance, its effectiveness is contingent on how
well startups implement proactive strategies.

A study by Adomako et al.,, (2021) found that
proactive environmental strategies positively
influence startup performance in developing
economies. Similarly, Abdullahi (2022) identified
proactive marketing, networking, and diversification
as essential strategies for improving startup
competitiveness. Our findings align with these
insights, suggesting that startups in Dar es Salaam
could enhance their market positioning by adopting
structured proactive strategies.

The Moderating Role of External and Internal
Factors

The effectiveness of proactiveness on
performance is influenced by both internal and
external factors. Bii et al., (2024) emphasize the
moderating role of dynamic capabilities, highlighting
that startups with the ability to reconfigure their
resources are better positioned to leverage
proactiveness. This perspective aligns with our
findings, where startups with strong leadership
support for proactiveness (M = 3.35, SD = 1.35)
demonstrated better performance outcomes.
However, this study also shows that some startups
struggle with long-term strategic planning, indicating
the need for improved resource alignment to fully
capitalize on proactive behavior.

Practical Implications and Recommendations

The findings of this study reinforce the need
for startups to integrate proactiveness into their
strategic frameworks actively. Policymakers and
business support organizations in Dar es Salaam
should focus on training programs that enhance
entrepreneurial foresight, strategic planning, and
market anticipation. Additionally, startups should
invest in competitive intelligence systems and foster
leadership cultures that encourage proactive
decision-making. This aligns with recommendations
by Abdullahi (2022), who suggests that SMEs in
emerging markets need structured approaches to
sustain proactive advantages.

Proactiveness remains a significant driver of
startup performance, as demonstrated in this study
and supported by recent literature. However, its
effectiveness depends on how well startups leverage
proactive strategies alongside complementary
capabilities. Future research should explore how
startups can develop dynamic capabilities to
maximize the benefits of proactiveness in emerging
market contexts like Dar es Salaam.

3.5 Theoretical Contributions

This study contributes to Entrepreneurial
Event Theory (EET) by demonstrating that
entrepreneurial behaviors are not universal in their
impact but are shaped by contextual factors. Unlike in
developed markets where resource abundance
enables aggressive risk-taking and disruptive
innovation, Tanzanian startups must balance
aggressiveness with adaptability due to limited
financial and institutional support. This reinforces
the need for a contextualized approach to
entrepreneurship theory, emphasizing the role of
economic conditions, regulatory environments, and
cultural factors.

Behavioral Mechanisms Under EET - The
findings reveal that entrepreneurial behaviors
(proactiveness, innovation, risk-taking, and
competitiveness) are activated by perceived
feasibility and desirability of startup opportunities,
reinforcing EET's predictive validity.

Environmental Contingency in EET - The
study  provides empirical evidence that
entrepreneurs in resource-constrained
environments rely more on innovation and
competitive behaviors rather than risk-taking due to
financial and market uncertainties, adding nuance to
EET’s applicability.

Feedback Loop in Entrepreneurial Behavior
- This study finds that startup success encourages
entrepreneurs to take further actions, such as
reinvesting in innovation, expanding market
strategies, and seeking new opportunities. As
businesses grow and achieve success, entrepreneurs
gain confidence and motivation, reinforcing
continued entrepreneurial efforts beyond just the
initial startup phase. This cycle of success and
reinvestment helps sustain long-term business
growth and adaptation. This feedback loop ensures
that entrepreneurship is not just a one-time event but
an ongoing cycle of learning, adaptation, and
reinvestment.

Cultural Factors and Entrepreneurial
Perseverance: Furthermore, the influence of cultural
factors on entrepreneurial behaviors is integrated
into the theory. In the Tanzanian context, cultural
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predispositions towards risk, which differ
significantly from Western settings, dictate the extent
to which entrepreneurs engage with perceived
opportunities. This cultural dimension suggests that
EET could be modified to account for varying risk
tolerances across different cultures, influencing the
propensity to act.

3.6 Recommendations and Implications

The findings of this study provide actionable
insights for entrepreneurs, policymakers, and
business support institutions to enhance startup
performance in Tanzania and similar emerging
economies.

Strategic Competitive Aggressiveness: Given
that competitive aggressiveness is the strongest
predictor of startup success, entrepreneurs should
adopt data-driven market positioning strategies,
leveraging competitive intelligence to outmaneuver
rivals. Business support organizations should
provide training on competitive analysis to help
startups refine their market entry and expansion
strategies.

Fostering Innovation and Proactiveness:
Policymakers and incubators should promote
innovation-friendly ecosystems by facilitating access
to funding, mentorship programs, and industry
collaborations. Startups should actively integrate
customer feedback, technology adoption, and market
trend analysis into their innovation and proactive
strategies.

Refining Risk-Taking Strategies: Given the
conservative risk posture of Tanzanian startups,
financial institutions should design staged funding
mechanisms such as pilot investment grants, micro-
financing for experimental projects, and structured
venture capital models. Entrepreneurs should be
encouraged to adopt phased risk-taking approaches,
where  small-scale tests precede full-scale
implementations.

Enhancing Regulatory and Institutional
Support: The government should streamline
bureaucratic processes and develop clear startup
policies that reduce regulatory uncertainty.
Establishing entrepreneurial advisory hubs can help
bridge the knowledge gap on navigating legal and
financial frameworks.

Integrating  Entrepreneurial =~ Behavior
Training in Business Development Programs:
Entrepreneurial education should emphasize
behavioral agility, encouraging startups to develop
dynamic capabilities in competitive aggressiveness,
innovation, and proactiveness. Universities and
business development programs should integrate

experiential learning approaches, such as startup
simulations and real-world case analyses.

By  implementing these  strategies,
Tanzania’s startup ecosystem can enhance its
sustainability, resilience, and long-term growth
potential, aligning with global best practices for
entrepreneurial success.

3.7 Limitations and Future Research Directions

While this study provides valuable insights
into how entrepreneurial behaviors influence startup
performance, a few limitations should be considered.
These present opportunities for future research to
build on these findings and further enhance our
understanding of entrepreneurship in emerging
economies.

Single-Point Data Collection: This study used
a cross-sectional design, meaning data was collected
at one point in time. While this provides a snapshot of
entrepreneurial behavior, future studies could use
longitudinal research to track how these behaviors
evolve and impact startups over time.

Self-Reported Data: The study relied on
survey responses from entrepreneurs, which may be
influenced by personal perceptions. Future research
could complement self-reported data with business
performance records to gain a more well-rounded
view.

Focus on Dar es Salaam: The study focused
on startups in Dar es Salaam, which is a major
business hub. While the findings are relevant, future
studies could expand to other regions of Tanzania or
compare different African markets to see if similar
trends exist in different economic environments.

Industry Differences: While this study
included startups from various industries, it did not
deeply examine whether certain entrepreneurial
behaviors are more impactful in specific sectors.
Future research could explore whether, for example,
innovation is more critical in tech startups compared
to service-based businesses.

Policy and Institutional Influences: The
study acknowledges the role of regulatory
environments and financial access but does not
provide an in-depth analysis of how government
policies or support programs shape entrepreneurial
behaviors. Future research could assess how startup-
friendly policies or funding initiatives influence risk-
taking and innovation.

4. CONCLUSION
This study underscores the critical role of
entrepreneurial behaviors in shaping startup
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performance in Tanzania’s evolving business
landscape. The findings affirm that competitive
aggressiveness is the most influential driver of
startup success, highlighting the necessity for
startups to adopt assertive market positioning and
strategic competition. Innovation and proactiveness
further reinforce business growth by fostering
adaptability and market responsiveness, while risk-
taking, though a weaker predictor, remains essential
for measured business expansion.

By integrating Entrepreneurial Event Theory
(EET) into this study, we extend its applicability
beyond entrepreneurial entry to explain how
behavioral dynamics sustain business performance
in resource-constrained environments. The study
refines EET by demonstrating that perceived
feasibility drives competitive aggressiveness,
desirability influences proactive and innovative
behaviors, and risk-taking is contextually moderated
by financial and regulatory constraints.

From a practical standpoint, entrepreneurs
must adopt data-driven, innovation-led, and
proactive business strategies while policymakers
should enhance institutional support, funding
accessibility, and regulatory clarity to create a more
enabling startup ecosystem. The study’s implications
provide a roadmap for startups to strategically align
their behaviors with evolving market conditions,
ensuring long-term sustainability and resilience.

Future research should explore industry-
specific entrepreneurial behavior patterns and the
role of institutional frameworks in enhancing startup
performance. As Tanzania’s startup ecosystem
continues to expand, fostering an environment where
entrepreneurial behaviors are systematically
nurtured will be key to sustainable economic growth
and innovation-driven development.
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